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PREFACE

The COVID-19 pandemic has ushered in an era of profound change, requiring new ways of doing 

business while remaining focused on delivering results. For the evaluation function in UNICEF, the 

pandemic has created both the necessity and the opportunity to use different tools and approaches 

to understand how the virus is affecting children and their families all over the world. Effective 

management, especially for curtailing transmission as well as mitigating the secondary impacts of the 

current pandemic, relies heavily on the individual and community behaviours and norms in relation 

to key protective behaviours such as physical distancing and the use of masks, handwashing, among 

others. Understanding these behaviours – including how they differ among population groups, how 

they change over time and in response to which drivers and barriers, needs of affected communities – 

is crucial in designing an effective response. This in turn requires timely community-sourced data that 

can be captured repeatedly so as to measure behavioural change over time. 

The UNICEF Evaluation Office, in collaboration with Communication for Development (C4D) 

section in the UNICEF Programme Group and the Harvard Humanitarian Initiative, developed 

the Community Rapid Assessment (CRA) exercise as a way to measure the protective practices, 

health-seeking behaviours, coping strategies and emerging needs of individuals and households in 

relation to COVID-19. The primary objective was to provide UNICEF country offices valuable data to 

strengthen the evidence base and inform country-level programming in response to the pandemic. 

The CRA is also intended to contribute to UNICEF’s overall analytical agenda on COVID in an effort 

to better position this type work in the overall corporate efforts. Its findings have thus far provided 

a rich and much-needed picture of the behavioural component of the outbreak at the individual 

and community levels. In making use of time-series data – that is, the longitudinal data repeatedly 

captured over several waves of data collection – the CRA has also provided further opportunities to 

examine country- and region-specific trends over time. And because the CRA is a real-time exercise, 

analysis, visualization and interpretation of findings are already being used in several country-level 

fora to guide program changes. The long-term vision is to embed capacity for similar surveys within 

government data systems at the country level. 

This report presents early findings and insights from eight countries in Eastern and Southern Africa 

– namely Angola, Ethiopia, Kenya, Madagascar, Rwanda, South Africa, South Sudan and Uganda. 

They point to several areas where behaviour change strategies and interventions can be adjusted 

to maximize effectiveness, particularly in relation to specific target populations through socio-

demographic data analysis. The findings also demonstrate the value of deploying rapid analytical 

systems for emergencies like COVID-19 and highlight the importance of gathering data on social and 

behavioural change to inform decision-making and programme design over the longer term. The 



organizational implications are two-fold, from ensuring that evidence generation plans at all levels 

integrate systematic rapid research to collect and analyse social and behavioural data, as well as 

facilitate utilizing data through making sure data flow to advocacy and decision-making platforms. 

We believe that institutionalizing the use of such population surveys in UNICEF evaluations and data 

for decision-making platforms will help strengthen the evidence base for programming at the country 

level, and ultimately improve results across all sectors of our work. Furthermore, institutionalizing 

the Community Rapid Assessment on COVID-19: Behavioural Findings and Insights from Round 1 in 

Kenya, Madagascar and South Sudan iii generation and use of social and behavioural data for future 

pandemics as well as other humanitarian crises can help better preparedness, supporting recovery 

and resilience measures that are people centred and community-driven. 

We would like to thank colleagues at HQ (Evaluation Office and C4D), Eastern and Southern Africa 

Region, and participating countries for their strong collaboration on this exercise. In particular, 

UNICEF colleagues in the C4D and evaluation sections of the Eastern and Southern African Regional 

Office – Natalie Fol, Massimiliano Sani, Helena Ballester Bon, Urs Nagel, Carole Tronchet Pradhan 

– provided valuable management and leadership with participating country offices. Country-level

colleagues from Angola, Kenya, Ethiopia, Madagascar, Rwanda, South Africa, South Sudan, and

Uganda in the C4D section also deserve recognition and gratitude for the collaboration and technical

management to implement the CRA and take forward actions with national partners — Vololomanitra

Belalahy, Surangani Abeyesekera, Andinet Challa, Hoby Razakasoavina, Maksim Fazlitdinov, Janine

Simon Meyer, Gopinath Durairajan, and Mandi Chikombero. In the Evaluation Office, Uyen Kim Huynh

and Andres Esteban Ochoa deserve special recognition for conceptualizing the study, designing and

overseeing the implementation of the survey, and carrying out in-depth analyses for each of round of

data. We also thank Rania Elessawi at HQ for her valuable perspectives from the C4D lens.  We look

forward to further supporting regional- and country-level C4D and evaluation managers and teams

and hope that they will find the insights and implications of this study both useful and timely.

Robert McCouch Vincent Petit

Director, Evaluation Office Chief, Communication for Development
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The coronavirus disease pandemic (COVID-19) 

continues to upend the lives of children and 

their families all over the globe.  As of 21 

September 2021, the cumulative number of 

cases reported globally was over 228 million 

and the number of deaths exceeded 4.6 

million.1 In ESAR, the total number of cases as 

of October 2021 is 4’843.505 cases and 128,009 

deaths. While the global economy has begun 

to rebound from the recession triggered by the 

pandemic, the poorest countries are being left 

behind:2 For children, the impact of the crisis 

has been particularly devastating and will be 

felt for years to come, exacerbating existing 

exclusions and inequities.

FIGURE 1

COVID-19 cases globally as of 18 July 2021

1   World Health Organization, ‘Weekly Epidemiological Update on COVID-19, 21 September 2021’, WHO, Geneva.
2   Gill, Indermit and Akihiko Nishio, ‘The Global Recovery is Bypassing the Poorest Countries’, 14 July 2021, World Bank, Washington DC, 
     https://blogs.worldbank.org/voices/global-recovery-bypassing-poorest-countries.
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COVID-19 New Cases: WHO Daily count of new cases—ESAR CRA countries

COVID-19 new cases daily averages for ESAR CRA countries
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National efforts to combat the spread of the 

virus rely on key behaviours at the community 

and individual levels such as frequent 

handwashing, physical distancing and the use 

of masks, and health-seeking behaviour, among 

others. Risk communication and community 

engagement (RCCE) programmes can reinforce 

these behaviours, but a ‘one-size-fits-all’ 

approach may not achieve the desired results; 

lessons learned from the response to the Ebola 

outbreak in West Africa in 2014-2015 suggest 

that to be effective, RCCE strategies should be 

evidence-based, making use of robust data on 

the knowledge, attitudes and practices (KAP) 

of specific communities, as well as how these 

practices are evolving over time.3

The Community Rapid Assessment (CRA) 

initiative was designed to strengthen this 

evidence base by gathering rapid time-series 

social and community-sourced data to examine 

protective practices, coping strategies and 

emerging needs in relation to COVID-19.

An initial report covering three of the eight 

participating country offices in Eastern and 

Southern Africa region (ESAR) was released in 

December 2020, presenting initial findings and 

recommendations from the first round of data 

collected through the CRA. This report presents 

an overview of the cumulative findings of two 

to three rounds of data-gathering in all eight 

participating ESAR countries (Angola, Ethiopia, 

Kenya, Madagascar, Rwanda, South Africa, and 

South Sudan with the exception Uganda which 

had a two-round design for the study). 

3   United Nations Children’s Fund, ‘Evaluation of UNICEF’s Response to the Ebola Outbreak in West Africa, 2014-2015’, UNICEF, New York, 2016. 
4   Uganda optioned to administer two rounds of CRA surveys.

The findings of each round have been 

regularly shared with partners and used to 

develop recommendations for informing RCCE 

strategies and interventions. The findings 

demonstrate the value of deploying rapid 

analytic systems for emergencies like COVID-19 

and make the case for continuing to gather 

data on social and behaviour change to inform 

decision-making and programme design over 

the longer term. A fuller analysis can be found 

at https://covid-19data.org, including data 

visuals and country-level perspectives and 

interpretation.

Why the Community Rapid Assessment?

Developed in partnership with the Harvard 

Humanitarian Initiative (HHI), the CRA 

represents an exciting new approach to 

harvest representative data in fast-changing 

environments. A key innovation of the CRA 

is its lightweight yet rigorous approach, 

making it rapid, agile and cost-effective while 

maintaining robust methodological standards. 

Using mainly mobile phone-based surveying 

methods, the CRA provides not only a ground-

level series of data reflecting current behaviours 

and perceptions related to COVID-19, but 

a picture of how these behaviours and 

perceptions are changing over time in response 

to rapidly changing circumstances and the 

evolving disease landscape in order to inform 

programming and public policy efforts. 

Crucially, the CRA utilizes a sampling 

methodology that is probabilistic and 

representative of the target population, 

https://www.unicef.org/evaluation/media/1451/file/CRA%20ESAR%20Round%201%20Report.pdf
https://www.unicef.org/evaluation/media/1451/file/CRA%20ESAR%20Round%201%20Report.pdf
https://covid-19data.org
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affording a degree of rigour that is not possible 

through more typical data-gathering exercises. 

It provides more accurate estimates than social 

network surveys, assures wider population 

representation than SMS-based surveys, 

and allows results to be adjusted to national 

populations more accurately than smaller 

in-person targeted surveys. To enhance the 

accuracy of results, the survey was adjusted 

through weights tied to national census or large 

national surveys such as Multiple Indicator 

Cluster Surveys (MICS), Demographic and 

Health Surveys (DHS) or others, to better reflect 

the national population of each country.

In between rounds, data were analysed and 

presented with UNICEF Country Office teams 

to discuss their strengths, weaknesses, use, 

and areas for further improvement to benefit 

communication for development (C4D) 

programme strategies. All of the core indicators 

from the CRA have been published by the 

Harvard Humanitarian Initiative on https://

covid-19data.org.

https://covid-19data.org
https://covid-19data.org
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The main objective of the Community 

Rapid Assessment is to provide insights on 

behavioural drivers related to COVID-19. The 

overall conceptual approach of the CRA draws 

upon the behavioural drivers model (BDM), 

which offers a framework for analysing the 

drivers of certain practices or behaviours in a 

given context. Put another way, the BDM aims 

to help practitioners move beyond identifying 

what people are doing – the typical focus of a 

KAP study – to a deeper understanding of why 

people do what they do in a given context in 

order to inform programme design.

Drawing upon this analytical framework, the 

CRA explores key issues such as prevalence 

of protective behaviours and the barriers to 

adopting them; perceptions about risk; trust in 

institutions, community groups and information 

channels; and coping strategies and emerging 

needs in relation to COVID-19, among others. 

Demographic variables include age, gender, 

rural/urban, and education, in order to test 

possible relationships between these variables 

and behaviours. 

The CRA utilizes a nationally-representative 

approach using a time-series cross-sectional 

sample.5 In six out of the eight ESAR countries, 

data were collected using mobile phones 

through Viamo, a third-party data research firm 

recruited by ESAR COs leveraging the global 

FIGURE 2

Rapid assessment components within UNICEF behavioural drivers model

5   Samples were drawn to be representative at the national level with a probabilistic sample of >1,000 respondents, except for South Sudan and Madagas
     car. In the latter, the design involved in-person surveys with a regionally-representative surveying model and a rapid randomly-stratified sampling frame
     work for 1,500 surveys across 6-10 states and 18-30 counties. 
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Long-term Agreement signed with UNICEF. In 

the other two countries, the COVID-19 situation 

permitted some data collection using face-

to-face approach (Madagascar and South 

Sudan). Random sampling was conducted at a 

target sample of N=1,000/country and weight 

models were applied ex post facto to ensure 

representativeness.

The general design of the study is at the 

national level, and results are disaggregated for 

select demographic and geographic parameters 

(urban/rural setting, age groups, gender and 

education level, where available) to provide 

a more detailed look at trends within these 

parameters. Subnational units (e.g. provinces 

and states) are also included as referential 

variables. Respondents are adult males and 

females (18 years or older) and the sample 

sizes vary by country, with an average size of 

approximately 1,000 respondents. 

Additionally, each round sample was weighted 

against nationally-representative surveys such 

as national censuses or other large statistically-

representative surveys such as the DHS, with 

a proprietary mobile phone weighting model 

to adjust the survey samples to those of the 

national population. This was done in order 

to ensure that weighted CRA estimates would 

better reflect national population estimates, 

after weighting the sample for over- and under-

representation issues that usually arise in large 

mobile phone surveys. All estimates presented 

in this report correspond to weighted estimates. 

A table with each survey round margin of error, 

for countries where the survey was carried 

with the mobile phone model, is included as an 

annex.

The survey tool is composed of 20-24 

questions, mostly drawn from well-established 

questionnaires. In order to ensure its relevance 

to a variety of possible country contexts, the 

CRA allows for minor adaptation at the country 

level.

Further details on the conceptual approach and 

methodology can be found in the annexes.

COUNTRY 1ST ROUND 2ND ROUND 3RD ROUND

Angola 25/01/21 – 05/02/21 27/04/21 – 05/04/21 N/A

Ethiopia 10/01/20 – 10/06/20 30/11/20 – 11/12/20 03/03/21 – 30/03/21

Kenya 27/8/20 – 17/09/20 23/11/20 –12/04/20 15/03/20 – 23/03/20

Madagascar 28/07/20 – 14/08/20 10/26/20 – 11/16/20 29/01/21 – 24/02/21

Rwanda 22/12/20 – 02/01/21 06/04/21 – 09/04/21 22/06/21 –29/06/21

South Africa 17/12/20 – 06/01/21 15/03/21 – 23/03/21 27/4/21 – 11/5/21

South Sudan 06/01/20 – 07/04/20 26/11/20 – 15/02/21 01/03/21 – 17/05/21

Uganda 08/10/20 – 17/10/20 01/02/21 – 15/02/21 No 3rd round

FIGURE 3

Timing of CRA rounds per country
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1.   Risk perception

Levels of risk perception in relation to COVID-19 

varied across countries. Rwandans were most 

likely to believe themselves at risk of catching 

the virus, at 69 per cent, Ugandans least likely at 

33.5 per cent. Ethiopia, Angola, and South Afri-

ca showed similar rates of risk perception, with 

approximately 38 per cent of respondents in 

those countries feeling at risk. Put another way, 

a majority of respondents in six out of eight 

countries6 do not consider themselves to be at 

risk from COVID-19.

Trends in risk perception also varied, with some 

countries experiencing significant changes over 

time. In Uganda, for example, risk perception 

started out relatively high, with 66.8 per cent 

feeling at risk. By the second round, however, 

this number had plunged to 35 per cent. An 

equally dramatic shift was visible in the number 

of people who felt uncertain about their risk: 

whereas only 6.5 per cent of respondents were 

“not sure” in the first round, this had increased 

to 31.6 per cent by the second round.

FIGURE 4

Percentage of respondents who felt at risk of being infected with COVID-19 at the time 
of the survey7

6   This question was not asked in Kenya.
7   In Madagascar, the question asked whether respondents felt at “high, middle, and low risk”. For the rest of countries, the response was “Yes, Not 
     Sure, and No”.
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FIGURE 5

Risk perception declined sharply in Uganda between Rounds 1 and 2
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Conversely, in Ethiopia, there was a slight 

increase in risk perception over time. However, 

a majority of respondents (46.5 per cent) still 

did not perceive themselves to be at risk from 

COVID-19, compared to 38.1 per cent who felt at 

risk and 15.4 per cent who were not sure.

In Angola, while the number of respondents 

who felt at risk remained stable, the number of 

people who did not feel at risk fell significantly 

from 43.8 per cent to 37.2 per cent. This 

decline was mirrored by a rise in the number 

of respondents who were unsure, suggesting a 

shift from not feeling at risk to some uncertainty 

about risk.

In several countries, men were more likely 

than women to feel at risk. This was the 

case in Angola, Ethiopia, South Africa and 

Uganda. Trends over time also revealed gender 

differences: whereas risk perception declined 

slightly among men in Ethiopia, it increased 

significantly among women, resulting in 

convergence. Conversely, in Angola, while risk 

COVID-19 Risk Perception — UGANDA
Respondents perception of being at-risk of being infected with COVID-19 — All Responses



20

perception increased marginally among men, it 

declined among women. In Uganda, both men 

and women felt less at risk over time, but the 

decline was steeper for men.

In some countries, risk perception was strongly 

correlated with education levels. In Uganda, 

risk perception declined most significantly 

among those with no formal education or 

primary education, and least among those with 

college or higher. Similarly, in Rwanda, while 

risk perception declined among those with no 

FIGURE 6

Risk perception between genders appears to be converging in Ethiopia

60%
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20%
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Oct ‘20

R2
Nov/Dec ‘20
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Mar ‘21
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Oct ‘20

R2
Nov/Dec ‘20
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Do you think you are at risk of being infected with COVID-19?
Respondents by response levels - Comparison by gender

Not Sure Yes
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Source: UNICEF’s Community Rapid Assessment Survey Ethiopia. Round 1 has 999 respondents from which 307 are female and 692 are male. Round 2 
has 987 adults from which 316 are female and 672 are male. Round 3 has 899 adults from which 293 are female and 606 are male. For each round group’s 
margin of error see ‘Sampling Margin of Error Table’. Margin of error measured at a 95% confidence level. 

formal education, or with primary or secondary 

education, it increased among those with 

tertiary or university education.
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FIGURE 7

Risk perception was correlated with education levels in Rwanda
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In Uganda, rural populations experienced a 

sharp decline in risk perception compared 

to a more modest decline among their 

urban counterparts. While in Round 1, rural 

Ugandans were more likely to respond that 

they felt at risk, by the third round they were 

significantly less likely, as shown in Figure 8. 

A similar phenomenon was observed in South 

Africa: whereas in the first round, urban and 

rural respondents reported similar levels of 

feeling at risk (46.8 per cent and 45.8 per cent 

respectively), by the third round this had fallen 

to 36.2 per cent among rural respondents while 

holding comparatively steady at 43.2 among 

urban respondents. This finding might be 

explained by the fact that in ESAR, especially 

during the first year of the pandemic, COVID-19 

cases have been tracked mainly in urban 

areas, including hospitalisations and deaths. 

Also notable in Uganda is the sharp rise in 

uncertainty with regard to risk across cohorts.

Do you think you are at risk of being infected with COVID-19?
Percentage of respondents by Education
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FIGURE 8

Rural populations in Uganda feel less at risk, more uncertain over time
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Age was also a factor in some countries. 

In Rwanda, risk perception declined among 

younger cohorts but increased among 

older ones. In South Sudan, 75.5 per cent of 

respondents between the ages of 31 to 40 

believed themselves at risk compared to 62.7 

per cent of 26-30 year-olds. In Madagascar, 

there were sharp differences between regions: 

in Moramanga, 80 per cent of respondents 

thought “everybody” was at risk of catching 

COVID-19, compared to 47 per cent in 

Morondava.

Insight: Looking in more detail at variations among demographic groups can help 
identify priority populations for intensified outreach and help calibrate behaviour change 
strategies specifically tailored to those populations. Promotive different narratives for 
young people, particularly by appealing to their contribution to everyone‘s protection by 
adhering to preventive measures and vaccination is also recommended considering the 
relatively low COVID-19 caseload among youth.

COVID-19 risk perception
Respondents perception of being at-risk of being infected with COVID-19 — All responses by gender and setting
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2.   Protective behaviours and
      barriers to adopting them

In the six countries where trend data were 

available (Angola, Ethiopia, Kenya, Madagascar, 

Rwanda, Uganda), the adoption of protective 

behaviours declined or remained steady. The 

protective practice most likely to have declined 

was social distancing (five out of six countries), 

with the most dramatic decline observed in Ken-

ya, where the percentage of respondents who 

reported practising social distancing all or most 

of the time fell from 96.4 per cent in August/

September 2020 to 72.3 per cent in March 2021.

Across the board, respondents self-reported 

frequent practising of protective behaviours 

such as handwashing, social distancing, and 

mask-wearing. However, in many cases there 

were large discrepancies between how fre-

quently respondents reported practising protec-

tive behaviours and how frequently they saw 

them being practised by others in their com-

munities. This could suggest that self-report-

ed rates of adoption do not accurately reflect 

actual practice on the ground. For example, 

in Kenya, where 88.9 per cent of respondents 

self-reported handwashing all or most of the 

time, only 45.5 per cent perceived that “nearly 

everyone” or “a lot of people” were doing so, 

as show in Figure 9 below.

FIGURE 9

Self-reported vs. community perception: Handwashing in Kenya
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FIGURE 10

Discrepancy in self-reporting vs. community perception in Madagascar
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Similarly, in Madagascar, while respondents 

reported similar rates of mask use between 

themselves and their communities, there was a 

large discrepancy when it came to handwash-

ing: while 87 per cent of respondents reported 

washing their hands, only 31 per cent perceived 

Insight: The discrepancy between self-reporting and community observations highlights 
the importance of including such observational questions in KAP surveys, as self-
reporting of adopted behaviours can be extremely biased (desirability bias).

members of their community to be doing so. 

This may indicate that while respondents per-

ceive a social norm in favour of the practice and 

thus wish to give the ‘right answer’ on the sur-

vey, there are material or behavioural barriers 

to actually adopting it (see below).
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Observing trends over time revealed some 

interesting variation among demographic 

groups. For example, while Ethiopia presented 

an overall downward trend with regard to 

social distancing, this varied significantly 

between genders. While in the first round, men 

and women reported nearly identical rates of 

practising social distancing “all of the time”, by 

the third round this had declined 16 percentage 

points for men versus only 3 percentage 

points for women. A similar phenomenon 

was observed with mask-wearing. While the 

percentage of female respondents indicating 

that they wore masks in public “all the time” 

declined from 77.3 to 71.9 over the three 

rounds, a much sharper decline was observed 

among men, from 69.2 to 49.7. There were also 

significant differences between urban and rural 

cohorts when it came to social distancing and 

mask-wearing, with urban cohorts being more 

likely to wear masks but less likely to social 

distance.

This may indicate that men are a priority target 

group for sensitization efforts to encourage 

practising protective behaviours in Ethiopia.

FIGURE 11

Differing trends among men and women with regard to mask-wearing in Ethiopia
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Respondents by response levels - Comparison by gender

Source: UNICEF’s Community Rapid Assessment Survey Ethiopia. Round 1 has 999 respondents from which 307 are female and 692 are male.
Round 2 has 987 adults from which 315 are female and 672 are male. Round 3 has 899 adults from which 293 are female and 606 are male.
For each round group’s margin of error see “Sampling Margin of Error Table”. Margins of error measured at a 95% confidence level. 
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Another interesting example comes from 

Angola, where self-reported levels of 

handwashing differed noticeably among 

education groups. Those with no education 

were much more likely to report washing their 

hands “all the time” compared to those with 

primary, secondary, or college or higher levels 

of education (35.3 per cent compared with 27.6, 

25.4 and 26.9 per cent, respectively). Moreover, 

this number increased sharply in the second 

round among those with no education, rising to 

52.7 per cent, while it increased very modestly 

among the other education groups, possibly 

suggesting that messaging was more effective 

on this demographic.

FIGURE 12

Trends in handwashing in Angola varied between education groups
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FIGURE 13

Concerns around effects on livelihoods remained a substantial barrier to adopting
protective practices in many countries

Age was a factor in the likelihood of practis-

ing protective behaviours in South Sudan, 

where there tended to be a reverse correlation 

between age and the likelihood of adopting 

protective practices. Whereas 30 per cent of 

the youngest cohort (18-25) reported wearing a 

mask in public everyday or most days, only 14.4 

per cent of those over 61 reported doing so. 

Similarly, while 60.8 per cent of 18-25 year olds 

reported that they avoided contact with individ-

uals who may have been infected “all week” or 

“most days this week”, those over 61 reported 

doing so 48.5 per cent of the time. Differences 

among age groups were also visible in Uganda: 

while mask-wearing declined among all age 

cohorts, it plummeted among those over 44. 

Given the particular vulnerability of older age 

groups to COVID-19, this may point to a need 

for intensified efforts to encourage protective 

behaviours. 

The main barriers to adopting protective 

practices have changed over time in several 

countries. In the first round, the main barrier 

cited in five of the eight countries (Ethiopia, 

Kenya, Rwanda, Uganda and South Africa) was 

Insight: The data reveal priority groups for intensified / renewed outreach to encourage 
adoption of protective practices. In addition, observing trend data disaggregated among 
various demographic groups may offer indications of where RCCE efforts are bearing fruit.
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FIGURE 14

Lack of infrastructure became the most commonly cited barrier in Kenya

a concern that adopting protective measures 

would put jobs or relationships at risk. By the 

third round, this had declined in most countries, 

with especially sharp declines in South Africa 

(from 41.6 to 27.1 per cent) and Rwanda 

(from 71.1 to 33.7 per cent). Nevertheless, 

this remained a significant barrier in all five 

countries where this question was asked.

Conversely, the second most-cited barrier – 

lack of supplies/access to infrastructure – has 

become more salient over time in all five 

countries, in some cases overtaking ‘jobs and 

relationships’ as the primary concern. The pro-

portion of respondents citing this barrier ranged 

from nearly a quarter in South Africa (24.1 per 

cent) to over half in Kenya (50.4 per cent).
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Source: UNICEF’s Community Rapid Assessment Survey Kenya. Round 1 has N=1,056 adults with +/- 3.4% margin of error for the first round total sample. Round 2
has N=985 adults with a +/- 3.5% margin of error for the second round total sample. Round 3 has N=952 adults with a +/- 3.6% margin or error for the third total sample.
For smaller subgroups the margin of error is larger. See “Sampling Margin of Error Table”. Margins of error measured at a 95% confidence level. 
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In several cases, these overall figures disguise 

significant variations among demographic 

groups. In South Sudan, for example, variations 

among regions were stark: 75.5 per cent of 

respondents in Western Equatoria reported 

not owning a mask, compared to 34.1 per cent 

in Central Equatoria. In Uganda, rural women 

were especially likely to cite a lack of resources 

as the primary barrier to adopting protective 

practices, and this cohort experienced 

the sharpest increase in the number of 

respondents citing this concern. Among urban 

respondents, in contrast, this concern declined 

or held steady. Similarly, in South Africa, rural 

respondents were significantly more likely to 

cite lack of supplies/infrastructure. In Ethiopia, 

while rural respondents were also more likely 

to cite this concern, they experienced a more 

modest increase over time compared with 

urban respondents, narrowing the gap between 

them.

One observation that can be made across 

countries is that respondents’ confidence with 

respect to being able to provide for their own 

families appears to be positively associated 

with uptake of the three protective measures. 

This holds for all countries and most of the 

rounds and is perhaps the most stable result 

of the analysis. It may suggest that household 

income is an important factor in determining 

whether people feel able to adopt protective 

practices. Avoiding crowded places may 

be more difficult for those whose income 

depends on it, and access to services such as 

handwashing points or protective equipment 

such as masks is likely to differ among income 

groups. Further probing of the link between 

household income and the confidence of 

respondents to provide for their families may 

shed light on this issue.

3.   Vaccine attitudes

Willingness to be vaccinated against COVID-19 

tended to be fairly strong in all countries where 

this question was posed (Rwanda, Uganda, 

Angola, South Africa, Ethiopia and Kenya), with 

a large majority of respondents indicating that 

they would be willing to take the vaccine if it 

was offered to them. This ranged from 85.8 per 

cent of respondents in Rwanda to 70.3 per cent 

in Kenya. Trend data, where available, varied 

between countries, with South Africa experi-

encing a slight decline in willingness to take the 

vaccine, Kenya experiencing a more significant 

decline, and Ethiopia maintaining similar levels 

of willingness between rounds.

In several countries, there was an inverse 

relationship between age and willingness to 

be vaccinated, with younger cohorts exhibiting 

stronger support for being vaccinated. This 

was the case in Rwanda, Uganda and Kenya. 

In South Africa, meanwhile, the opposite 

trend was observed, with willingness to be 

vaccinated increasing with age. In some cases, 

these differences were quite significant. In 

South Africa, 68.7 per cent of those aged 18-

24 indicated they would be willing to get the 

vaccine, compared to 78.3 per cent of those 

over 45 years of age. In Uganda, 73.2 per cent 

of those aged 18-24 were willing to get their 

child or a close relative vaccinated, compared 

to 54.9 per cent of those over 44.  In Rwanda, 

vaccine willingness varied substantially among 

regions. Willingness to be vaccinated was 

highest in rural areas (88 per cent), villages 

(85.7 per cent) and in Kigali (86.6 per cent), 

compared to more modest levels in district 

capitals (75.5 per cent) and towns (78.6 per 

cent). Urban populations in Angola were 

more willing than their rural counterparts to 
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be vaccinated, while rural populations were 

more willing in Kenya and Ethiopia. In the 

latter, the difference was almost ten percentage 

points, with 85.5 per cent of rural respondents 

answering “yes”, compared to 75.3 per cent of 

urban respondents. Men were more willing than 

women to get vaccinated in Kenya and Ethiopia.

This was also the case in South Africa in the 

first round, but the gap closed by the third 

round. In contrast, in Kenya, whereas men and 

women reported similar levels of willingness 

to be vaccinated in the first round, by the 

third round of surveying, vaccine uptake 

had declined significantly among women, 

accompanied by a rise in uncertainty. Beyond 

the scope of the current report, further 

qualitative probing and cross-reference with 

other available data with other similar themed 

studies, could potentially yield further insight 

into the reasons behind change in attitudes 

among women in Kenya.

FIGURE 15

Willingness to be vaccinated declined significantly among women in Kenya
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Source: UNICEF’s Community Rapid Assessment Survey Kenya. Round 1 has 1056 respondents from which 615 are female and 441 are male. Round 2 has 985 adults
from which 388 are female and 597 are male. Round 3 has 952 adults from which 366 are female and 586 are male. For each round group’s margin of error see
‘Sampling Margin of Error Table’.  Margins of error measured at a 95% confidence level. 
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FIGURE 16

Kenyans were less likely over time to indicate that they would call a helpline in response 
to a suspected case of COVID-19

Since the implementation of the CRA, the 

majority of ESAR countries have undertaken 

COVID-19 vaccines qualitative or quantitative 
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Source: UNICEF’s Community Rapid Assessment Survey Kenya. Round 1 has N=1,056 adults with +/- 3.4% margin of error for the first round total sample. Round 2 has
N=985 adults with a +/- 3.5% margin of error for the second round total sample. Round 3 has N=952 adults with a +/- 3.6% margin of error for the third round total sample.
For smaller subgroups the margin of error is larger. See “Sampling Margin of Error Table”. Margins of error measured at a 95% confidence level.
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Behavioural and Social Drivers Surveys or polls 

to continue track the level of trust in vaccination 

and the reasons for possible hesitancy.
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8   In previous rounds, South Africa was the only country where “visit a clinic or hospital” was the most cited response – by a significant margin.

4.   Coping mechanisms and child-
      focused concerns

Regarding health-seeking behaviour, a 

consistent trend observed across countries was 

a reduction in the percentage of respondents 

who indicated that their first action in response 

to a suspected case of COVID-19 would be to 

call a COVID-19 helpline. In the first round, in 

all but one of the countries where this question 

was asked,8 “call a COVID-19 helpline” was 

the most frequently cited response. This is 

consistent with the call to action promoted 

especially at the beginning of the pandemic 

by national governments with the support of 

UNICEF and RCCE partners. The percentage 

of respondents choosing this answer declined 

in four of the five countries where trend data 

were available, in some cases significantly. In 

contrast, the frequency of the second-most 

cited response of “go to a clinic or hospital” 

rose in all five countries. This trend was 

particularly visible in Kenya, where “go to a 

public or private clinic or hospital” overtook 

“call a helping on COVID-19” as the most cited 

response. The outlier was Rwanda, where the 

number of respondents choosing both answers 

(call a helpline or visit a clinic) increased 

slightly.

There were however variations among 

demographic groups. In South Africa, the 

percentage of urban respondents indicating 

they would visit a clinic slightly declined , 

while it increased significantly among rural 

respondents. In Uganda, the change over time 

was particularly visible among rural women, 

with a sharp decline in “call a helpline” 

offset by a correspondingly sharp increase in 

“visit a clinic”. Urban respondents in South 

Sudan were much more likely to indicate 

that they would call a helpline, whereas rural 

respondents were more likely to choose “visit a 

clinic”.

When asked to identify the main reason why 

they would not visit a clinic, lack of resources 

was the most frequently cited factor in all 

countries where this question was posed 

(South Africa, Ethiopia, Uganda and Rwanda), 

and a majority of respondents in South Sudan 

answered “true” to a question asking whether 

lack of resources was the reason they did 

not seek testing or treatment for COVID-19. 

Lack of resources was especially likely to be 

an issue in Rwanda, where 67.1 per cent of 

respondents chose this answer. The percentage 

of respondents citing lack of resources as the 

main issue was on a downward trend in South 

Africa and Uganda, but an upward trend in 

Ethiopia. And here again, there were sometimes 

significant differences between groups. In 

South Sudan, women were more likely than 

men to cite this issue, and rural respondents 

more likely than their urban counterparts. 

In South Africa, in contrast, men were more 

likely than women to cite a lack of resources. 

In Ethiopia, while rural respondents were more 

likely than urban respondents to identify lack 

of resources as the main barrier, there was a 

significant increase in the percentage of urban 

respondents choosing this answer, significantly 

narrowing the gap. This may suggest that urban 

respondents were more likely to perceive a 

deterioration in their financial circumstances 

over this period. 
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FIGURE 17

There was a significant increase in the percentage of urban respondents citing lack of 
resources as the main barrier to seeking treatment for COVID-19 in Ethiopia

50.0%

40.0%

30.0%

20.0%

10.0%

0.0%

R2 Nov/Dec ‘20 R3 Mar ‘21 R2 Nov/Dec ‘20 R3 Mar ‘21

Rural Urban

Is there any reason why you will not seek testing or treatment for COVID-19?
Respondents by Setting

Source: UNICEF’s Community Rapid Assessment Survey Kenya. Round 1 has 999 respondents from which 329 are rural and 670 are urban. Round 2 has 987 adults
from which 187 are rural and 800 are urban. Round 3 has 899 adults from which 227 are rural and 672 are urban. For each round group’s margin of error see “Sampling
Margin of Error Table”. Margins of error measured at a 95% confidence level. 
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Overall, the findings are an important remind-

er that there are often structural barriers to 

health-seeking and other behaviours, which 

need to be taken into account when designing 

behaviour change strategies.

The CRA also provided important insight into 

how families were coping with the impacts of 

COVID-19 and the main concerns that they had, 

and often this information varied significantly 

between regions or demographic groups. For 
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FIGURE 18

Respondents in some states in South Sudan were far more likely than others to have 
sent their children to work

example, in Rwanda, there was an increase in 

the number of respondents reporting that they 

had reduced the quantity or quality of meals 

for all members of the household, from 35.2 

per cent in the first round to 41.1 per cent in the 

second round. The increase was particularly 

sharp, however, in district capitals and towns 

compared to more modest changes in rural 

areas and villages. Similarly, in Madagascar, 

respondents in certain regions were far more 

likely than others to indicate that they had 

decreased the number of frequency of meals, 

ranging from 57 per cent in Moramanga to 85.4 

per cent in Toamasina. In South Sudan, there 

were sharp regional differences in the percent-

age of respondents who indicated that they had 

been obliged to send their child(ren) to work 

as a result of COVID-19: While only 3.7 per cent 

of respondents in Upper Nile state answered 

“true” to this question, over a fifth of respon-

dents (21 per cent) in Western Bhar El Ghazal 

and Warap states answered “true”.
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Rural respondents in South Sudan were more 

likely than urban respondents to report having 

sent their children to work. This was also the 

case in Angola: whereas in the first round of 

data collection, rural respondents were slightly 

less likely than their urban counterparts to 

report having sent their children to work, by 

the second round they were significantly more 

likely to do so, with a sharp increase in those 

answering “yes” to this question. Conversely, 

while rural respondents were more likely in 

the first round to indicate that they had sold 

assets, by the second round urban respondents 

were significantly more likely to report having 

done so. In South Africa, there was an overall 

decline in respondents’ confidence in their 

ability to provide for their families, from 57.4 

per cent being “very confident” in the first 

round to 43.9 per cent by the third round. 

However, this decline was overwhelmingly 

accounted for by female respondents. Whereas 

men and women started out with very similar 

levels of confidence in the first round (57.2 

per cent and 57.4 per cent respectively), by 

the third round confidence among men had 

declined only slightly to 55.1 per cent, whereas 

confidence among women had dropped to 43.9 

per cent. In Ethiopia, meanwhile, an overall 

decline in confidence to provide at the highest 

level of confidence was primarily signalled 

among urban populations. Whereas there 

was very little change in the percentage of 

rural respondents who were “very confident” 

in being able to provide for their families, 

confidence among urban respondents declined 

11.9 percentage points between the first and 

third rounds.

In countries where the CRA posed questions 

around school closures, parents expressed 

their continued desire to send their children 

to school. Where trend data were available 

(Ethiopia, Kenya, Rwanda and Uganda), parents 

were increasingly concerned over time about 

continued school closures – except in Rwanda, 

where this concern actually decreased slightly. 

In countries where reasons for not sending 

children to school were probed (South Sudan 

and Angola), respondents were most likely 

to cite concerns that schools did not have the 

necessary protective measures in place, that 

parents lacked resources, or that there was 

insufficient information to send them back.

Insight: Variations between regions and demographic groups hint at important differences 
in how families are experiencing the effects of COVID-19. These variations can help inform 
a more targeted response, matching vulnerable populations with support tailored to their 
specific needs.
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5.   Communication channels and
      trust

Across countries, respondents consistently 

identified electronic media as among their 

most trusted sources of information in relation 

to COVID-19, with this being by far the top 

choice in most countries. Health workers and 

health facilities were the second and third 

most-cited sources, with print media being an 

important source where this was included as 

an option (Rwanda, Angola, Ethiopia). Trust in 

government, non-governmental organizations 

(NGOs) and religious and community leaders 

was almost universally very low (Angola, 

Ethiopia, Madagascar, Rwanda, South Africa, 

Uganda)9 when it came to information 

about COVID-19 – a potentially significant 

finding when it comes to identifying effective 

partners for RCCE efforts and programming in 

communities.

In some cases, these overall figures disguised 

important differences among groups. For 

example, in Rwanda, among 18-24 year-olds, 

trust in electronic media declined between 

rounds, while trust in print media increased 

slightly. Among those over 44, trust in 

electronic media increased significantly, while 

trust in health workers dropped. Angola also 

showed variation by age, albeit with a different 

trend: whereas trust in electronic media rose 

slightly among the youngest cohort (18-24), it 

declined among the others, with the sharpest 

decline among those over 45. The two oldest 

cohorts reported significantly increased trust 

9   Madagascar phrased the question differently from the others and offered far more options, with the result that certain individuals within government 
     (e.g. president, prime minister) scored very highly on this question. See Madagascar slide deck for further details.

in print sources over the same period. In South 

Africa, there was variation by gender. Whereas 

men and women reported virtually identical 

levels of trust in electronic media in the first 

round (62.6 and 62.4 per cent respectively), by 

the third round this figure had declined to 54.5 

per cent for women, while holding relatively 

steady at 63.2 per cent among men. Women 

started out slightly less likely to identify health 

workers and health facilities as their most 

trusted source (16.5 per cent compared to 18.1 

per cent for men) but by the third round were 

significantly more likely to identify this source 

(24.9 per cent versus 16.4 per cent for men).
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FIGURE 19

Gender differences in South Africa regarding most trusted information sources on 
COVID-19

In South Sudan, men were more likely to trust 

community mobilizers as their most trusted 

source (64.1 per cent versus 57.6 per cent for 

women), whereas women were slightly more 

likely to trust electronic media. 

Trust in community groups varied significantly 

among countries. In Rwanda, youth groups 

were by far the most trusted to support 

community-based actions in response to 

COVID-19, with more than half of respondents 
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(58.6 per cent) choosing this answer. Youth 

groups were also among the top two most 

trusted groups in Ethiopia, Kenya and Uganda. 

In Kenya, however, trust in youth groups 

dropped significantly between rounds: whereas 

34.5 per cent of respondents cited youth groups 

as their most trusted in the first round, by the 

third round this had dropped to 23.1 per cent.

Trust in youth groups also fell significantly 

in South Africa, from 17.3 per cent to 7.4 per 

cent. A similar drop was observed in relation 

to women’s groups. In contrast, trust in local 

government rose significantly in South Africa, 

as shown in the figure below. These changes 

may be worth exploring further, as they may 

hint at perceptions around how community-

level programmes have been managed in South 

Africa. 

Local government was also cited as the most 

trusted or second most trusted group in Kenya, 

Ethiopia and South Sudan, while being the least 

trusted in Rwanda. Conversely, women’s groups 

were among the least trusted in most countries 

(Rwanda, South Africa, Ethiopia, South Sudan).

FIGURE 20

Trust in youth and women’s groups fell sharply in South Africa

Which community group do you trust the MOST to take action to benefit you and your family during COVID-19?
Percentage of all respondents
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Source: UNICEF’s Community Rapid Assessment Survey Kenya. Round 1 has N=1000 adults with +/- 3.7% margin of error for the first round total sample. Round 2 has
N=1002 adults with a +/- 3.6% margin of error for the second round total sample. Round 3 has N=1005 adults with a +/- 3.6% margin of error for the third round total
sample. For smaller subgroups the margin of error is larger. See ‘Sampling Margin of Error Table’. Margins of error measured at a 95% confidence level.
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Not surprisingly, trust in community groups 

often varied significantly among demographic 

groups. In Kenya, women were more likely than 

men to trust faith-based groups and women’s 

groups and less likely to trust youth groups and 

local government. A similar pattern was also 

observed in Ethiopia in the first round, but by 

the third round women were more likely than 

men to trust local government and less likely to 

trust faith-based groups. 

Trust in local government also varied sharply 

between genders in South Africa. While men 

and women started out with similar levels 

of trust in the first round (24.8 per cent of 

women and 26.4 per cent of men chose local 

government as their most trusted group), 

by the third round trust in local government 

had increased sharply among men (to 40 per 

cent), while only slightly increasing among 

women (to 29.4 per cent). Age was also an 

FIGURE 21

Men and women trusted different community groups in Ethiopia
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important factor. In South Sudan, the youngest 

cohort of respondents (18-24 years) indicated 

far more trust in youth groups (25.8 per cent 

compared to the average of 18.2 per cent) and 

substantially less trust in religious groups than 

other age cohorts (21.5 per cent compared 

to the national average of 30.3 per cent). In 

Uganda, 45.5 per cent of those under the age 

of 18 cited youth groups as the most trusted, 

compared to 16.7 per cent of those over the age 

of 45. Conversely, those under 18 cited religious 

or faith-based groups only 5.1 per cent of the 

time, compared to 11.1 per cent for those over 

45.

Trust in local health care providers was 

generally found to be relatively strong in 

countries where a version of this question was 

posed (Angola, Kenya, Madagascar, South 

Africa, South Sudan). In Madagascar, 78.3 

per cent of respondents said that they “had 

confidence” or “had full confidence” in the 

ability of local health care providers to take care 

of them and their families in the third round. 

In South Sudan, 54.5 per cent of respondents 

were “highly confident” and 28.2 “somewhat 

confident” in the medical advice they received 

from health care providers. South Africa, Kenya 

and Angola showed similar levels of trust, with 

approximately two thirds of respondents in 

these countries agreeing or strongly agreeing 

that local health care providers could be trusted 

to take care of respondents and their families.

Insight: A more detailed understanding of which community groups are most trusted, and 
by whom, can help identify the most effective partners for RCCE efforts and programming 
in communities. Influencers and trusted partners vary not only between countries but 
between target populations, and may not always correspond to prior assumptions and 
traditional partners.

There were, however, variations. In Angola, 

rural men were significantly more likely than 

rural women to trust local health care providers. 

In contrast, urban women signalled much 

higher levers of trust than urban men in the 

first round, though this gap had narrowed by 

the third round. In South Sudan, overall levels 

of trust were similar between rural men and 

women, with over 80 per cent of respondents 

indicating that they trusted or highly trusted 

local health care providers. Rural women were 

however more likely to “highly trust” health 

providers (56.3 per cent compared to 47.9 of 

rural men). While urban and rural women 

signalled similar levels of trust, urban men 

were significantly more likely than their rural 

counterparts to trust health care providers, 

with 62.9 per cent indicating high levels of 

trust. There were differences between rural 

and urban cohorts in Kenya as well. In the last 

round, urban respondents had significantly 

larger margins of uncertainty (answering 

“not sure”) with regard to trust in local health 

care providers, and this appeared to be on an 

upward trend, at the expense of “agree” and 

“strongly agree”. In South Africa, trust varied 

among age groups. While the various cohorts 

started out with similar levels of trust in the first 

round, by the third round trust in local health 

providers had declined significantly among 

younger age cohorts while remaining stable for 

older cohorts.
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FIGURE 22

Trust in local health providers declined among the youngest respondents in South Africa, 
while uncertainty increased

Insight: Looking across risk perception, protective measures, vaccine attitudes, coping 
mechanisms and concerns for children, communication channels and trust, it is difficult 
to identify clear tendencies that apply for all countries and rounds. This emphasizes the 
importance to ground interventions on evidence such as the CRA. Besides, triangulating 
and contextualizing CRA information with qualitative data, especially field observations, is 
important for the fine-tuning of interventions.
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Do you trust your local health care providers to take care of you and your family?
Respondents by Response Levels - Comparison by age

Source: UNICEF’s Community Rapid Assessment Survey South Africa. Round 1 has 1000 respondents from which 257 are 18-24 years old, 379 are
25-34 years old, 203 are 35-44 years old, and 161 are over 44 years old. Round 2 has 1002 adults from which 241 are 18-24 years old, 411 are 25-34
years old, 411 are 25-34 years old, 205 are 35-44 years old, and 145 are over 44 years old. Round 3 has 1005 adults from which 205 are 18-24 years
old, 400 are 25-34 years old, 196 are 35-44 years old, and 159 are over 44 years old. For each round group’s margin of error see “Sampling Margin
of Error Table”. Margins of error measured at a 95% confidence level.
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KEY TAKEAWAYS AND
OBSERVATIONS FROM
IMPLEMENTING THE CRA
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The CRA has demonstrated that UNICEF 

country offices can develop a robust evidence 

base for programming even in the midst of a 

crisis, when access to target populations is 

compromised. Rapidly evolving crisis situations 

have traditionally presented challenges to data-

gathering, requiring COs to prioritize timeliness 

of evidence over quality. Utilizing mobile phone 

technology, the CRA reduces the need for such 

compromise by combining the timeliness of a 

rapid assessment with a methodological rigour.

Some information gleaned from CRA can be 

fed into programmes in real time, although 

there are important limits to what CRA can 

provide. Crucially, however, the experience has 

provided ‘proof-of-concept’, demonstrating 

that it is possible to utilize a rapid, lightweight, 

cost-effective tool to harvest representative 

data that can be disaggregated among target 

populations. Furthermore, the exercise in 

ESAR was found to be relevant for the existing 

requirements at the moment as it addressed the 

need to have one standard approach to collect 

longitudinal data for behavioral and social 

changes. It also reduced the initial inefficiencies 

when different data assessments were launched 

across countries that would not have produced 

valid comparison over time and between 

countries.

The CRA initiative was designed in response 

to the need for social and behavioral data 

to inform Risk Communication Community 

Engagement (RCCE) approaches during 

COVID-19. The experience from the data 

collection and the analysis done so far confirm 

that the CRA is a costeffective way to gather 

rapid longitudinal data on the drivers of 

and barriers to people’s behaviors, coping 

strategies, and emerging needs. Findings so far 

provide a rich and much-needed contribution 

to understanding the behavioral component of 

the outbreak at the individual and community 

levels.

PROGRAMMATIC LESSONS

1. Understanding drivers of behaviour – why 

people do what they do in a given context 

– is crucial to UNICEF programming, and 

in particular for designing effective RCCE 

strategies. Current monitoring and evaluation 

systems track limited information on coverage 

of RCCE interventions without unpacking the 

factors that influence individual and collective 

behaviours. Recognizing that behaviour and 

social change are complex phenomena, further 

insight into public opinion, levels of trust and 

engagement mechanisms will enable better 

programme strategies that are community-

responsive and people-centred. 

2. Different demographic groups may have very 

different behaviours, motivations and needs. 

Understanding these differences can help 

fine-tune the RCCE approach, calibrating it to 

specific target groups. Previous assumptions 

about priority target groups or the most 

influential partners may be challenged, 

requiring a realignment of efforts. Demographic 

characteristics are crucial to understanding the 

needs, behaviours, and most effective channels 

for engaging different populations (by gender, 

education, age, geographic location, income/

occupation).

3. Identifying trusted community influencers 

is key. These may vary by age, geographical 

area, and even by issue, with some groups 

and channels of communication being 

more trusted on some subjects than others. 
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Identifying the key influencers for each target 

group can help improve uptake of public 

health measures in relation to COVID-19. 

More broadly, these insights will be valuable 

for RCCE efforts in general, and in the longer 

term for strengthening community and citizen 

engagement.

4. Baseline and time series data harvested 

through CRA will provide valuable insights in 

multiple programme areas and will enhance 

preparedness for future crises. Multiple data 

points will also provide a means of monitoring 

progress of interventions over time. This is 

particularly important in rapidly-changing 

disease landscapes, when outbreaks and 

infection rates increase rapidly. CRA data has 

already informed the fine-tuning of RCCE 

strategies and provided interesting insights 

on linkages with Social Protection, Child 

Protection, and Education interventions, 

highlighting the value and timeliness of rapid 

assessment systems and real time evaluative 

approaches.

5. Leaving no one behind. The CRA permits 

disaggregation of the data along several 

different dimensions – by gender, age, urban 

vs. rural, among others. The lack of such 

disaggregated data has been cited in numerous 

evaluations as a limiting factor in UNICEF 

efforts to reach the most vulnerable and ensure 

no one is left behind, since the voices and 

needs of these groups may not emerge at the 

aggregate level. Indeed, the data gathered in 

the first rounds of the CRA revealed important 

differences in relation to variables of age, 

gender, education and others. For example, in 

Kenya, men were significantly more likely than 

women to obtain information on COVID-19 

through radio, newspapers and television 

(60 per cent compared to 50 per cent). In 

South Sudan, access to distance learning for 

children varied significantly between states 

and population groups. In Madagascar, urban 

populations were significantly less likely than 

their rural counterparts to have access to 

safe water and soap in their homes. These 

differences highlight specific needs as well as 

possible entry points to improve programming 

targeting key groups.

METHODOLOGICAL AND GENERAL
DESIGN LESSONS

1. Disaggregation is crucial. The findings in all 

the ESAR countries reveal important differences 

in behaviours, needs and entry points for 

different target populations. The use of these 

data, especially when hypotheses are tested 

against specific demographic variables (e.g. 

age, gender, geographical location), allow 

programme managers to determine the types 

of investments that are needed depending on 

the target group. These levels of disaggregation 

can prove especially critical when specific 

behaviours or needs are observed by a specific 

group (such as a given age category, for 

example, which has proven to be significant in 

the context of COVID-19).

2. Complementing CRA information with 

qualitative data can provide a more complete 

picture of the situation. While short surveys 

cannot address all questions or probe deeply 

into issues, they can offer signposts for further 

investigation. In addition, they can help fill 

gaps: current global datasets have mostly 

been collected through digital platforms, which 

can limit representation of specific population 

groups. Further qualitative investigation, 

especially through field observations, can help 
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fill these gaps. In the long term, investing in 

systematic qualitative data collection relevant to 

RCCE will enable quicker decision-making and 

programmatic action.

3. Standardization + adaptability = uptake. 

Short surveys like the CRA that keep a core set 

of standardized questions allow comparison 

between countries while giving COs the 

flexibility to include country-specific questions 

based on their priorities and what they ‘need 

to know’. This approach enhanced stakeholder 

buy-in from the outset, increasing the likelihood 

that the data will be used – not only by UNICEF, 

but by partners as well. In Kenya, for example, 

the CRA tool was included into the national 

survey on COVID-19. Utilizing simple, effective 

tools like CRA can enhance UNICEF efforts 

to strengthen national capacity for evidence-

gathering.

4. Timing is key. Baseline data from the CRA 

and similar surveys will be most impactful if 

followed by a series of data points collected at 

critical time periods. Collecting time-series data 

provides crucial information on trends, allowing 

programme managers to see how behaviours 

are changing over time in response to changing 

circumstances and programme interventions. 

Being strategic about when these data are 

collected – at key moments such as reopening 

of schools, for example, or the introduction 

of new public health measures – can inform 

programme managers, national partners and 

stakeholders in real time of the impacts of the 

pandemic and their related policies.
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ANNEX I: STUDY CONCEPT 
COMMUNITY RAPID 
ASSESSMENT                                                                            

Time-series community-sourced data for rapid 

assessment of behavioural change, coping 

strategies and evolving needs during COVID-19

 

1. Context: COVID-19 is a situation affecting 

billions of lives across the world. Effective 

management of the pandemic largely depends 

on communication of the pandemic and 

people’s knowledge, attitudes, behaviours 

and practices about it. Moreover, to facilitate 

the management of a pandemic outbreak, 

it is critical to understand these linkages 

over time and how they impact children’s 

and young people’s lives. This points to the 

need for immediately available community-

sourced data that can be captured in a time-

series manner. These data aim to complement 

existing programme and field data to provide 

social and behaviour insights to inform COVID-

19-related policy and programme decisions. 

At the individual level, this will help provide a 

rich and much-needed picture of the individual 

and community behavioural component of 

the outbreak. As time-series data[1], it will 

also provide further opportunities to examine 

country and region-specific trends over periods 

of time. This community assessment will also 

provide information regarding family coping 

strategies and their respective evolving needs 

and challenges posed to adopt protective 

behaviours and take advantage of existing 

palliative services. This study will, therefore, 

monitor behavioural changes to inform current 

implementation, while also providing evidence 

to systematically mainstream behavioural 

evaluative approaches beyond the current 

context. 

2. Purpose: The purpose of this exercise is to 

provide data analytics and a brief survey tool 

[modularized] for country offices to obtain 

valuable data to base and improve country 

programming for the COVID-19 outbreak, by 

making available representative community-

based insights on behavioural aspects of the 

pandemic response. 

Conceptually, it also aims to analyse available 

data to measure the applicability of the 

behavioural drivers model to the current 

COVID19 pandemic and its behavioural 

components (see diagram below). In doing 

so, it looks to provide evidence to analyse the 

application of the behavioural drivers model in 

the context of COVID-19. In a practical sense, 

it is also an objective of the exercise to not to 

duplicate any ongoing initiatives but to provide 

a centrally-managed tool that can be deployed 

as requested by COs without any extra burden 

to already strained country offices. The 

exercise is also designed to provide a common 

analytical framework to which other ongoing 

studies can refer and compare available data 

to build on evidence. The effort also includes 

components to provide technical and analytical 

support, on an on-demand basis, to country and 

regional offices on assessing how the social 

and behavioural elements could influence the 

disease outbreaks. 

The overall aim in the short term is to provide 

high quality community-sourced data to inform 

country-level COVID-19 programme and policy 

decisions with a behavioural and public trust 

component. It provides a baseline with time-

series data to help inform programming while 

providing the basis for future comprehensive 

evaluation approaches. In the long-term, 

the aim is to provide a rapid assessment 
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framework to facilitate the observation of 

changes over time while visualizing possible 

impact and creating the conditions to analyse 

representative populations across several 

contexts.

3. Study population and geographic scope:  

This will be a randomized representative 

sample across multiple regions and countries 

in a time-series cross-sectional observational 

study that examines the social and behavioural 

components related to the pandemic – the 

extent to which populations are able to adhere 

to public protection measures and how their 

coping strategies and emerging needs evolve 

throughout the severity of the disease and 

during the downturn. The sampling strategy 

will follow a random design and, to the extent 

possible, will include stratified sampling 

approaches.[2] 

Although the general design of the study is the 

general public, it has also been approached to 

allow targeting subnational samples if needed, 

either at geographic or demographic level (e.g. 

urban/rural, age, gender, education). **Please 

see below for methodological details.

4. UNICEF collaboration structure:  As a 

collaboration between the Evaluation Office, 

C4D, DAPM, and DOC, we propose to work 

with interested regional office and country 

office colleagues, on a per-demand basis, to 

determine the reach of current needs for the 

community rapid assessment data for the 

analysis of COVID-19-related behaviours based 

on a pre-existing menu of study areas that the 

tool can bring to any country.  

Additionally, the design of the broader initiative 

also entails the following:

Assist RO & COs to determine the needs and 

uses, and resources required to collect the data.  

•  Provide a menu of demand-driven 

   analytical support options to best fit the 

   identified data-collection needs, including 

   guidance to determine most useful 

   components based on COs rapid and long 

   term assessment needs (e.g. 

   questionnaire module selection, 

   monitoring dashboards, horizon  

   forecasting on target goals).

•  Backstop on technical steps and provide 

   analytical capacity for rapid reporting.

•  Where possible, use these data to 

   complement other available data.  

•  Manage a global structure to provide the 

   analytical tools and service while 

   facilitating the aggregation and analysis at 

   a regional and global level to provide 

   country and, where possible, regional 

   trends on the behavioural components 

   related to the pandemic. 

5. Modules: The assessment is designed with 

a set of core modules and optional modules 

on areas that can be added as needed by the 

country offices.

The core set of modules consists of:

•   SOCIO-DEMOGRAPHIC: Gender, age, 

    education level, urban/rural. 

•   PRACTICES, BEHAVIOURS AND    

    DRIVERS: Questions related behaviours    

    and related social drivers to specific 

    COVID-19 prevention and protection  

    measures.  

•  COPING STRATEGIES AND EVOLVING 

   COMMUNITY NEEDS: Questions related 

   to how communities are coping with 

   service disruption and their expressed  
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   anticipated needs during the pandemic 

   and recovery period.

•  INFORMATION, INSTITUTIONAL TRUST 

   AND COMMUNICATION: Questions aimed 

   to assess the effectiveness of information 

   and communication (e.g. clarity, accuracy, 

   reach) to households and their 

   perceptions. Household perception of 

   institutional trust in COVID-19 

   management.

The optional set of modules include:

•  KNOWLEDGE AND AWARENESS: 

   Questions on knowledge and awareness 

   of COVID-19 transmission, risk factors, 

   symptoms, testing and treatment options.[3]   

•  COMMUNITY PARTICIPATION AND CIVIC   

   ENGAGEMENT PERCEPTION: Gauge of 

   perceived levels of community participation 

   and civic engagement in government and 

   implementing partners’ policy decisions 

   and programme implementation, both 

   on community engagement on decision-

   making and design processes, and on 

   social accountability and community 

   feedback mechanisms.

6. Roll-out approach: The aim of the study is 

to start with a set of countries to progressively 

increase regional and global coverage, as needed 

by other COs joining the exercise at a later stage 

– depending on their programmatic need. 

This design allows for regional approaches to 

scale-up while building enough flexibility for 

specific country’s needs, focuses and scope of 

research.

Although the study has a set of questions 

that pertain to the study-at-large, specific 

research questions can be also addressed as 

implemented, as the aim of the data is to be 

useful to inform programming beyond the 

scope here established.

7.  Potential uses and benefits:  

•  Drawing quantitatively-representative 

   baselines for current effort and future 

   studies.

•  Establishing near-real time monitoring 

   systems and dashboards on behavioural 

   components of COVID-19 response.

•  Source rapid national and local level 

   studies on behavioural changes and 

   programme effectiveness.

•  Inform RCCE plans/strategies, including 

   messages and material development and 

   accountability efforts.

•  Build the base for a global evaluation of 

   COVID-19 public communication and trust 

   response that can be carried across 

   multiple divisions and partnering 

   institutions. 

•  Allow for the publication of high-quality 

   large-scale quantitative data for future 

   public health research,  transparency 

   portals, and on accountability analysis of 

   the reach of current efforts at a global 

   scale. 

•  Provide member states and their public 

   health authorities near-real time data on a 

   key component for their current and future 

   responses.

•  Act as a catalyst for inter-agency 

   collaboration on the use of the data for 

   the programmatic responses of other UN 

  agencies in relation to COVID-19. 
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•  Positioning of UNICEF and the UN 

   system, at a country and global level, as 

   leading entities on global research with 

   a wide, deep, and strong analytical value 

   on communication and development at an 

   unseen scale at the household level across 

   the globe. 

8.  Divisions involved and types of support for 

     COs: C4D & EO

DIVISION TYPE OF SUPPPORT

EO Methods, design, and analysis

C4D Scope, design, field support

Methodological and design support: The EO 

will support COs in tailoring the tools and mod-

ules to their specific needs. That includes jointly 

analysing the most fitting medium for the 

country study, out of those available through 

the vendor, the sampling approach and baseline 

requirements needed for the CO, and the mod-

ule design for the country study purposes.

Analytical support: The EO will also seek to 

provide analytical support to COs to analyse the 

results of the poll, if needed, and to research 

best fitting models to provide insights into the 

research question. However, as the data will 

also be analysed at the regional level, and ag-

gregated at the global level, the EO will also act 

as the warehouse of the project data custodian 

to manage, analyse, and use the data of all COs 

beyond the national studies purposes. 

Through a partnership with the Harvard Hu-

manitarian Initiative, the Evaluation Office will 

also provide analytical support, if relevant and 

needed, to integrate in the analysis data from 

other available collection efforts to compliment 

this study and to provide a greater overview of 

the current programmatic response efforts. 

External Partners:
This work was supported through a partnership 

with 2 external entities:

•  Harvard Humanitarian Initiative:  Peer 

   review, survey design, dashboard on core 

   indicators: https://covid-19data.org

•  Statistics Without Borders: Statistical 

   analyses on Ethiopia, Kenya and 

   Madagascar

Methodological note: Study features

Study Background:

The outbreak is placing an overwhelming 

burden on health systems and authorities 

to respond with effective and appropriate 

interventions, policies and messages. One of 

the most critical elements of reducing virus 

transmission is public behaviour. As the 

severity of the pandemic evolves, so will the 

needs of the community, especially considering 

multiple disruptions that will affect food 

systems, supply chains, service delivery and 

institutional safety nets. Thus, it will be critical 

to monitor variables that are important to 

understanding population behaviours to control 

and cope with the transmission, as well as the 

social and economic ramifications of the novel 

coronavirus, including knowledge, attitudes, 

behaviours, practices, coping strategies and 

evolving needs. Documenting these changes 

and exploring the effects between variables 

across demographic groups will be important to 

understanding the effects of the pandemic, the 

https://hhi.harvard.edu/
https://covid-19data.org
https://swb.wildapricot.org/
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social mobilization and community engagement 

measures needed to be taken.  

The underlying principle of the study is that 

rapid data collection and sharing could support 

effective interaction between authorities, 

health workers, journalists, and the public to 

encourage appropriate behavioural change, 

to manage the crisis, and provide necessary 

services and goods to affected populations.

Primary questions:

1. “How are behaviours changing over time 

     and why?”

2. “How are communities coping with the 

     disruptions related to COVID-19?“

3. “What are the emerging needs of the 

     community now and during a recovery 

     period?”

4. “To what extent is people’s behaviour 

     affected by their trust in institutions?”

5. “How can UNICEF adapt its programming 

     to better address relevance based on 

     community-sourced data?”

Methods and design:

The study will involve a time-series, repeated 

cross-sectional design (i.e. each sample will 

consist of different participants). Separate rapid 

assessment modules have been developed 

and freely accessible to all, depending on 

the need and interest. There are three core 

modules to be included in this assessment: 

Knowledge, attitudes, behaviours and practices 

(KABP), coping strategies and emerging needs. 

Additional modules have been provided in the 

event countries decide to opt-in. Each module 

is made up of a set of questions not intended to 

take more than 10-25 minutes each in response 

time. The contents of the modules are taken 

from validated tools such as: 

•  WHO survey tool and guidance for rapid, 

   simple, flexible behavioural insights on 

   COVID-19

•  Oxfam multi-sectoral coping strategies 

   index.

This is an observational study designed with a 

randomized sample based on phone numbers 

generated from an external research firm. 

The sample size calculated represents the 

general population in terms of age, gender, and 

occupation. Depending on the country and the 

extent of access to mobile numbers, multistage 

cluster sampling will be applied.

Populations (possible approaches):  

A.  Nationally-representative population 

      sample, where budgets allow

B.  Alternative sub-national representative 

     sample design, include examining sub-

     populations of interest (e.g. refugees, urban 

     vs. rural, women, targeted provinces).

C.  Self-selected observational sampling design 

     where digital assets like U-Report can 

     provide large respondent samples (less 

     representative and with limitations on 

     inferential approaches).

Instrument:  Questionnaire of three core 

modules and two optional modules, each a 

set of thematic questions on an area related to 

the behavioural drivers model, designed to be 

brief and lightweight. Depending of delivery 

medium, questions can be converted to 160 

characters for SMS polling modalities.    
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Periodicity:  Monthly or bimonthly, depending 

on country needs. Active VIAMO LTA allows for 

quick launch and less representative samples 

with U-Report / Rapid Pro can also be quickly 

executed.

Data collection: Data collection will involve 

contactless approaches that include various 

options depending on the needs and digital 

assets available to the country. These include 

SMS, IVR (using RDD) and CATI-powered 

technologies.  

This study is designed to provide rapid, 

flexible and cost-effective data points. As such 

it is crucial to ensure that the collected data 

are relevant, and not excessive in relation to 

the purpose for which it was obtained. The 

collected data should be exclusively used for 

the purpose of the current study and future 

related research. 

Envisioned statistical analysis approach for 

both country and regional approaches:

A repeated cross-sectional design will allow 

UNICEF to provide near real-time monitoring to 

identify developments and changes over time 

related to public behaviours, coping strategies, 

and community needs while allowing for a 

regression analysis of difference-in-differences 

analysis over time.

  

Similarly, logistic regression models will help 

identify important differences across time and 

over socio-economic factors that will help 

explain differences across time and allow for 

future targeted approaches by strata.

Ulterior factor analysis combined with 

prevalence data obtained elsewhere will allow 

to explore possible best predictors of protective 

behaviours and practices across countries 

and regions, including exploring the role of 

coping strategies and trust as predictors of 

communities’ resilience through the pandemic.

OLS analysis and unsupervised learning 

approaches will aim to provide findings about 

the significance and effect that socio-economic 

variables play in relation to behaviours, 

practices, and coping strategies. 

Adopting open-source data principles, this 

study’s statistical analysis will aim to be 

reproducible with public logs for replication. 

Internal and external validity tests will be 

carried where needed, and noted on its possible 

effects.

Study limitations:

•  Absence of comparable studies on scale       

   and reach.

•  Variability of driving factors across 

   countries to draw global estimates 

   (limitation for aggregation only at the 

   global level).

•  Rapid assessment baseline and not full 

   impact or RCT study.

•  Limited questionnaire due to high costs 

   and mediums (SMS/CATI).

•  Differing sampling variances and 

   confidence intervals for observed 

   subgroups due to differences in phone 

   usage/penetration rates across countries.

Mitigation strategies:

•  Use of national and regional estimates 

   where available, to compare results.  

•  Use global aggregates strictly for 

   descriptive purposes.
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•  Fixed and random effects regression analysis 

   models, to see significance of changes over 

   time. 

•  Pre-test questionnaire validity to capture 

   variability.

•  Determine appropriate weights at national 

   level, where needed, and test for significance 

   and robustness checks. 

Anticipated risks:

There is expected low risk. For respondents, 

there are potential risks identified, including 

time inconvenience. Additionally, direct harm 

to respondents is low since the variables and 

information aggregation and anonymization 

processes do not allow to identify personal 

information, or any other ethnic or 

disadvantaged population individual marker. 

Additionally, with standard strict data protection 

measures in place, any risk related to non-

anonymous publishing of data from the survey 

is considered very low, and the personal harm 

for the individual respondent related to such 

unlikely event is also considered low due to 

the less sensitive nature of the responses 

provided. Benefits include the sense of 

contributing and being able to participate in 

shaping the country’s pandemic response and 

the improvement of the responses provided 

through the insights that this information gives. 
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ANNEX II: CRA Revised Weights
Models 
(October 17, 2020 — Updated March 3, 2021)

OVERVIEW

The following pages detail the standard 

weights model for the UNICEF community 

rapid assessment survey, as implemented in 

12 Eastern and Southern Africa region (ESAR) 

and Southern Asia region (SAR) countries, 

including an example of how it was applied in 

the software package R. This model aims for 

relatively ease of deployment to facilitate better 

representativeness of the surveyed samples of 

the study.

Given the rapid deployment nature of the 

exercise, the model does not aim to be 

as comprehensive and thorough as more 

elaborate weights models used for forecasting; 

such limitations are noted at the end of this 

document. However, the model is still grounded 

on a solid sampling approximation to provide 

more accurate sample distributions across all 

areas surveyed.

This model can be applied where the following 

conditions have been met.

a. The CRA follows a probabilistic sampling 

    approach - for example, if it follows an 

    IVR-based design.

b. Total number of all calls made is available 

    by the surveying company.

c. There is a comparable recent survey/

    census from which to extract 

    demographic distributions to calibrate 

    the weights to demographic 

    characteristics of the population (no more 

   than five years before deployment of 

   CRA).

d. It excludes all respondents under 18 

    years of age from the sample.

For the current model, references are included 

as hyperlinks where it corresponds. Each 

section is accompanied by brief description 

where needed and the applicable code to apply 

the weights.

For all the subsequent coding and operations 

in R, the following sources were used to deploy 

the methodological choices on the dataset 

through the correct R coding procedure:

1. Richard Valliant, Jill A. Dever, and Frauke 

    Kreuter, Practical Tools for Designing 

    and Weighting Survey Samples, Springer, 

    Washington D.C. 2018

2. Richard Valliant and Jill A. Dever, Survey 

    Weights: A Step-by-Step Guide to 

    Calculation, Stata Press, College Station, 

    2018

Other auxiliary coding sources used for 

extracting weights, control checks, advance 

weights analysis, and Latex are here 

hyperlinked if need to be accessed.

MODEL

The following model was constructed in four 

stages and includes five methodological 

limitations:

1. Base weights estimation

2. Post-stratification calibrating

3. Trimming of the weights

4. Design effect

5. Limitations (few methodological issues to 

    consider)

https://bookdown.org/jespasareig/Book_How_to_weight_a_survey/calibration.html
https://stats.idre.ucla.edu/r/seminars/survey-data-analysis-with-r/
https://stats.idre.ucla.edu/other/mult-pkg/seminars/advanced-topics-in-survey-data-analysis/
https://stats.idre.ucla.edu/other/mult-pkg/seminars/advanced-topics-in-survey-data-analysis/
https://robjhyndman.com/research/ECR_workshop_notes.pdf
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1. BASE WEIGHTS

To develop the base weight formula we followed the model used by the Pew Research Center.

The original formula is as follows:

SLL = Number of Numbers on the Sample of Landline Phones

ULL = Universe of all available Landline Phones

SCP = Number of Numbers on the Sample of Cellphones

UCP = Universe of all available Landline Phones

LL = Factor 1 or 0 if respondent has landline

CP = Factor 1 or 0 if respondent has cellphone

AD = Number of individuals on household where respondent lives

To determine the Sample Size, Pew Research Center accounts for

S=CallsCompleted + CallsIncomplete + CallsRefused + CallsNonAnswered + CallsErrors

For any exercise, this is equivalent to

S=∑AllCallsMade

Such model accounts for the probability of selection of respondents based on double coverage of 

cellphones and landlines and also for the number of individuals on a household. It also follows the 

standard model for dual frames that use both cellphones and landlines. This includes asking respon-

dents on type of phone ownership and size of household.

Our sampling frame does not take into consideration landline phones and it is what would considered 

to be a single-frame sample phone survey. Currently, there is a vigorous debate about how to 

develop a unique weight model for single frame phone surveys and as previously stated we aim to 

provide a simplified but statistically grounded approach.

For these reasons, for the CRA study we will adapt the Pew Research Model for a single frame mobile 

phone survey that also takes into consideration cellphone penetration rates.

Base Weights Formula - CRA

Where

SCP = Number of Numbers on the Sample of Cellphones

UCP = Universe of all available Landline Phones

https://www.pewresearch.org/methods/2018/10/09/appendix-survey-methodology/
https://www.jstor.org/stable/24545798?seq=1
https://www.pewresearch.org/methods/2016/08/01/the-twilight-of-landline-interviewing/
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC2910572/
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This formula is similar to the Pew Research Center in where all Landline Factor is equal to zero and 

therefore the formula only accounts for the cellphone related sample and universe. When including a 

factor to account for under coverage, or cellphone penetration rates, the formula is:

Where

SCP = Number of Numbers on the Sample of Cellphones

UCP = Universe of all available Cellphones

TeledensityCP = 0-1 Cellphone Coverage (Subscriptions per 100 habitants) as reported by

                          World Bank/ITU

##Dialed Numbers as Reported by Polling Company
Dial<- 216776

##Mobile/Telephone Cellullar Subscriptions (Depending if country calls only cellphones or all 
numbers) as reported from World Bank/ITU 2019 https://data.worldbank.org/indicator/IT.CEL.SETS.
P2?locations=KE
Subs<- 54555497

##Initial Base Weight
BW1 <- Subs/Dial

##Cellphone Coverage (Subscriptions per 100 habitants) Adjustment as reported by World Bank/ITU
Cov <- 1.03769
BW2 <- BW1 * (1/Cov)

##Adding BW2 to Database
Kenya_Round1$BW2 <- BW2

2. POST-STRATIFIED WEIGHTS CALIBRATION (PsW)

Callibration of the base weights was done through post-stratification with selected demographic 

variables. For that purpose we use Sex, Urban/Rural Setting, Age, and Education (where available) as 

factors to control the demographic distribution of the sample. Education is not included on the Kenya 

sampling exercise.

For each available sample, a nationally representative survey or census datafile is be needed to 

complete calculations. The database needs to be recent or no more than 5 years prior and should be 

readable into R.

https://data.worldbank.org/indicator/IT.CEL.SETS.P2?locations=KE
https://data.worldbank.org/indicator/IT.CEL.SETS.P2?locations=KE
https://data.worldbank.org/indicator/IT.CEL.SETS.P2?locations=KE
https://data.worldbank.org/indicator/IT.CEL.SETS.P2?locations=KE
https://data.worldbank.org/indicator/IT.CEL.SETS.P2?locations=KE
https://data.worldbank.org/indicator/IT.CEL.SETS.P2?locations=KE
https://data.worldbank.org/indicator/IT.CEL.SETS.P2?locations=KE
https://data.worldbank.org/indicator/IT.CEL.SETS.P2?locations=KE
https://data.worldbank.org/indicator/IT.CEL.SETS.P2?locations=KE
https://data.worldbank.org/indicator/IT.CEL.SETS.P2?locations=KE
https://data.worldbank.org/indicator/IT.CEL.SETS.P2?locations=KE
https://data.worldbank.org/indicator/IT.CEL.SETS.P2?locations=KE
https://data.worldbank.org/indicator/IT.CEL.SETS.P2?locations=KE
https://data.worldbank.org/indicator/IT.CEL.SETS.P2?locations=KE
https://data.worldbank.org/indicator/IT.CEL.SETS.P2?locations=KE
https://data.worldbank.org/indicator/IT.CEL.SETS.P2?locations=KE
https://data.worldbank.org/indicator/IT.CEL.SETS.P2?locations=KE
https://data.worldbank.org/indicator/IT.CEL.SETS.P2?locations=KE
https://data.worldbank.org/indicator/IT.CEL.SETS.P2?locations=KE
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For this model we use the function postStratify of the package Survey. The model renders similar 

output to that of Raking and requires less data transformations facilitating deployment for multiple 

countries on a quicker fashion.

knitr::opts_chunk$set(echo = TRUE)

##Importing Comparison Survey - Kenya Integrated Household Budget Survey 2015-2016

KenyaBase <- read_dta(“C:/Users/andre/OneDrive - UNICEF/CRA - Weights Model/HH_Members_

Information_No_Minors.dta”)

KenyaBase$U_ID <- paste(KenyaBase$clid,KenyaBase$hhid)#Generating an Unique ID

Kenya_HH_Information <- read_dta(“C:/Users/andre/OneDrive - UNICEF/CRA - Weights Model/HH_

Information.dta”)

Kenya_HH <- Kenya_HH_Information[c(“Set”, “clid”, “hhid”)]

Kenya_HH$U_ID <- paste(Kenya_HH$clid, Kenya_HH$hhid)#Generating an Unique ID

Kenya_HH <- Kenya_HH[c(“U_ID”,”Set”)]

Kenya_SurveyForWeights <- merge(KenyaBase, Kenya_HH, by = “U_ID”)

Kenya_SurveyForWeights$Sex1 <- Kenya_SurveyForWeights$Sex

Kenya_SurveyForWeights$Set1 <- Kenya_SurveyForWeights$Set

Kenya_SurveyForWeights$Age1 <- Kenya_SurveyForWeights$Age

KEN.PS <- xtabs(~Sex1 + Set1 + Age1, data = Kenya_SurveyForWeights)

# Subsetting database without minors

Kenya_Round1 <- subset(Kenya_Round1, Age != ‘<18 \nYrs Old’)

###Preparing Survey Object as Numeric Factors from Sample Database

Kenya_Round1$Sex1 <- 1 #Male

Kenya_Round1$Sex1[Kenya_Round1$Sex == ‘Female’] <- 2

Kenya_Round1$Sex1 <- as.numeric(Kenya_Round1$Sex1)

Kenya_Round1$Set1 <- 1 #Urban

Kenya_Round1$Set1[Kenya_Round1$Set == ‘Rural’] <- 2

Kenya_Round1$Age1 <- 1 #18-24 years old

Kenya_Round1$Age1[Kenya_Round1$Age == ‘25-34 \nYrs Old’] <- 2

Kenya_Round1$Age1[Kenya_Round1$Age == ‘35-44 \nYrs Old’] <- 3

Kenya_Round1$Age1[Kenya_Round1$Age == ‘45 Yrs \nOld & >’] <- 4
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### Establishing Survey Object

KEN_WtdR1 <- svydesign( ids = ~0, strata = NULL, data = Kenya_Round1, weights = ~BW2) #No 

Clusters (ids), No Stratae (strata), fpc initially not included

ps.dsgn <-postStratify(design = KEN_WtdR1, strata = ~Sex1 + Set1 + Age1, population = KEN.PS)

### Extracting Weights to Dataset

ps.weight <- ps.dsgn$postStrata[[1]] %>% attributes() %>% .[[“weights”]]

Kenya_Round1$PsW <-ps.weight

3.  TRIMMING

Weights are currently trimmed at the 95th percentile. Values above that level are winsorized to the 95th 

value, in order to reduce the design effect of having weighted the sample.

Below is graphed a distribution of the weights into boxplots drafted before and after trimming and 

windsoring to visualize the changes.

# After Post-Stratification Weights

summary(Kenya_Round1$PsW)

##    Min. 1st Qu.  Median    Mean 3rd Qu.    Max. 

##   17.57   26.53   33.73   43.50   44.42  275.83

boxplot(Kenya_Round1$PsW)

Kenya_Round1$Wt <- Kenya_Round1$PsW

Kenya_Round1$Wt[Kenya_Round1$Wt > (quantile(Kenya_Round1$PsW, c(.95)))] <- (quantile(Kenya_

Round1$PsW, c(.95)))



59

COMMUNITY RAPID ASSESSMENT ON COVID-19 END LINE REPORT: 
BEHAVIOURAL FINDINGS AND INSIGHTS FROM 8 EASTERN AND SOUTHERN AFRICAN COUNTRIES

# After Trimming and Windsoring the weights

summary(Kenya_Round1$Wt)

##    Min. 1st Qu.  Median    Mean 3rd Qu.    Max. 

##   17.57   26.53   33.73   40.64   44.42  108.42

boxplot(Kenya_Round1$Wt)

4.  DESIGN EFFECT

To calculate the design effect of weighting, we used the design effect as postulated by Kish, where the 

design effect is the ratio of the variance to the square of the mean of the relative weights, assuming 

that all stratum unit variances are equal.

We apply this approximation on the basis of pursuing an SRS sampling model and an approximation 

where individual weights are unequal to each other.

See https://rdrr.io/cran/PracTools/man/deffK.html#:~:text=for%20a%20sample-

,Details,with%20equal%20weighting%20is%20optimal

The formula used is:

For this document, we include both the design effect of trimmed and untrimmed weights.  Please note 

how trimming reduces the overall design with out sample CRA dataset.

Deff_PSW= 1+(var(Kenya_Round1$PsW)/mean(Kenya_Round1$PsW)^2) #Without Trimming

Deff_PSW

Deff_Wt=1+(var(Kenya_Round1$Wt)/mean(Kenya_Round1$Wt)^2) #With Trimming

Deff_Wt

## [1] 1.304133

https://rdrr.io/cran/PracTools/man/deffK.html#:~:text=for%20a%20sample-,Details,with%20equal%20weighting%20is%20optimal
https://rdrr.io/cran/PracTools/man/deffK.html#:~:text=for%20a%20sample-,Details,with%20equal%20weighting%20is%20optimal
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5.  MODEL LIMITATIONS

Forecasting Estimates:
This weights model was constructed to provide a more accurate distribution of respondents when 
providing descriptive statistics for the Country Offices that are currently using the CRA. Since the CRA 
does not intend to provide forecasting modelling this weight model is not sufficient on its current form 
to be used for forecasting estimates as it lacks additional information on the universe of all phone users 
of a country, namely the number of phone lines per household and number of household members 
which is defined as an element of our starting Base Weights formula.

This also includes the need to have more and better information about non-respondents on each 
sampling exercise as well as how do the universe of phone users on each country compare to the 
country national population.

Regardless of this limitations, these weights still provide a solid approximation to reflect the samples 
closer to the population estimates, and to provide a probabilistic grounded approach on population 
based data where is non-existent, of very low quality, or based on self-selected samples.

Non-Response Adjustment
This model follows the same approach established by the Pew Research Center where non-response 
is accounted on the full sample count. However, there are other models that take into consideration 
non-response through screening variables. Current literature points out that single frame phoen surveys 
have a better fit than doble frame surveys even though non-response is not accounted through other 
factors. That is because the SE and design effects of single frames currently seem to be smaller than 
double frames designs as cellphone coverage increases.

Post-Stratification Weights
With the above-mentioned limitations, the weighting model puts more emphasis on weighting the 
sample to national distributions of the population than to calculate probabilities of selection on every 
step. Base weights help to establish a more nuanced approximation to total number of calls made and 
to account for mobile phone penetration rates on a given country but the respondents weights variation 
takes place on post-stratification.

Special care has been put to use the most recent available nationally representative population data to 
weight the surveys; including the use of recent Census data where available or nationally representative 
surveys from national statistical authorities, or methodologically sound surveys with national sampling 
strategies like the Demographic and Health Survey (DHS).

Exclusion of children under 18 years old
In order to correctly sample children a more specialized model is needed to account their participation 
on a mobile phone survey. Similarly, the original CRA design does not include children as sampling 
children over cellphones is still a very difficult endeavor as their access to cellphones is even more 
limited than the general population. Given the large segment of the population they represent, and their 
under-representation on the universe of cellphone users, a mobile phone survey at the moment is not 
an appropriate medium to survey their self-reported behaviors.

All respondents under 18 years old when present haven been excluded and the surveys used to weight 
the sample.
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protection protocols, as stated in the materials submitted, received ethics review approval.   
 
You and your project staff remain responsible for ensuring compliance with HML IRB’s determinations.  
Those responsibilities include, but are not limited to:  

• ensuring prompt reporting to HML IRB of proposed changes in this study’s design, risks, 
consent, or other human protection protocols and providing copies of any revised materials;  

• conducting the research activity in accordance with the terms of the IRB approval until any 
proposed changes have been reviewed and approved by the IRB, except when necessary to 
mitigate hazards to subjects;  

• promptly reporting any unanticipated problems involving risks to subjects or others in the course 
of this study;  

• notifying HML IRB when your study is completed. 
 
HML IRB is authorized by the U.S. Department of Health and Human Services, Office of Human 
Research Protections (IRB #1211, IORG #850), and has DHHS Federal-Wide Assurance approval (FWA 
#1102). 
 
Sincerely, 

 
D. Michael Anderson, Ph.D., MPH 
Chair & Human Subjects Protections Director, HML IRB 
 
cc:  Penelope Lantz, JD 

ANNEX III: Institutional Review Board Approval Documentation
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